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E . WEEMMRGER TENEMPEA, FiEALEEREZBERRARTRE
SREXFE, ERE/NFESZH I FEEFEFFTEAE Y. LT EREFHE
WIE M KEREHIT, RET —LE R T LR,

FRBR—: RAHRT EGAEFEOHHRMA A KBESE, B2 T FH
3] A B B ok o b ORAE B bR 0k

> RIFRAHEREX

BHENFRERTERRELKRENEE iz, W ELREBENENTHNEET
B, ERN—MBErAEGAEFNANEERRF, 120 £k, BEEFRHELHREH
otk X R, TURBIT KB —ANE Ll AN RN E AR HENFRET. EE,
REEZTEAALEFHREFRAELHBESLE, IIRTHREAR L. Lol FHREFR
ZENNELFHRFAFRAE, SEOIHHBREVERHTTRERANFR, L,
FORE ZrmeYEETENINE, BE—ANFEDERENEE, WEH R IAE
FIRMWS, WA T GEARNRNE RN KMEE, FiFEANE “SEH” RAE
AREY BRHATT REH R,

a. RBFRFIEBWEIBAIBFNLRESE

FHFSEAFEEHWMMEAF K 1996 47 Nature R, K I A RE %
PR, FENAREETF LI T A TN FZEAERF, HFXE
FEAHFETERNA ARG E “FTH” AK, 2 MERREEREMAR A, X
PR Ve 18] R B L BT R & SR R E AT | R T R 2 F LR TR,
FHAT T BN R, wEEAFR+E. IO #iEH4E A F.Bach #ix. HFMXF
SHEE. SIM 4+ S.J. Wright %% . PEIERIRLE. SIMA+EF&HZHKTE.
—Fp 2 N T H2 3] F7 ik & B SIAM 2+ (IEEE 4 = .SIAM Journal on Imaging Science
Bl £ 4% Michael Elad #ixfmH & 1E4 R MW K-SVD Hik. Z7&EE /S ZERA T EH
RNFF, CHAIFERT F KK A 11332 %, EEEFHRSGHEHFTEE,

W E A ABE W A E R K-SVD 77 ik 2 KR s 3] [8 L o = AR 3 K7 7] A IR
Ho FEAFNAFL R HENER, RET SR BeRENAAEEHER T R@EXE
FEL AL E R A E A, BT AR T RS E MR S, #ERT K-SVD H
AR ET [7] A, RS R b, R DURAE I B [ R 9 A R, 1R B 2 R B R A 3 LA
AL H AR E e, AT A K-SVD Btk B fE, ERG E @R %2 M4 L1
e,

b. XEETE “HH” AMERANE UEFEIAEXRREEBR




FGEAEFNFERANER T EAF 6 RER[9], FHER[10] o ATEE 8],
ETLIREWaMERRFamiXEE. R AL2EE. FEHMFKEK L D. Donoho
HxEE8]l. MRTHEMAERER, P MERFFEGERN-FREEET BT E R
D& R B I B BRRL o B E LT, 2 AT AR LT B SRR — AT 4 B A B L TR
LU RS T o A ADMM 77 vk B AR B ik AT KR (B R T A 4 E “ 3k
7 AR, BT AR ER R, B AR RS RIE R B

HimABEFINHEI R E, AR BB HHE®, ®RiFT TURBET
“E BB BER R TR EGAE R, RATEAT HEm AnE R
FF 5| DL 8x 2| ) R o B B AR /IMEL, AR R TR A B E G E A EBUR T R
ERBR. WO, FEAR—FFREEZRY LWOBBMAMAFEE, £ T FEHHARE
AL -BA H 77 i, FF A H Moreau-Yosida R 77 =52 T R 2R £ H AR R H — 4
AT E A, R T AR BT T A KMTEA, AT RAHTIERT X
% ELH R AR L S R

> FAPW

WX REAMFATIARE AL K, RFEERELARFATIAN 183 K A%
NP H TAEN# 2022 X EHEFLRFFERRERX, PEEEFREHTANTE
ZHEINE I HIRR AW, A THAANTEARE (ME—F1RNEF 3 T); A%
e B AL TR 2 W CVPR B9 TAE4# 18 4 K& # (oral ¥ # H 5. 76%=104/1807),
EAXABERX " RUBFZERCEREO B ELME IEEE TPAMI (B #iF %,
0.39%=7/1807) (MiHF—F 4 WE% 6 7).

FRFFRARZEXEMF R IR L. BHA KA E Stanley Osher Hi%, *xETEK
ftE£. FEMFRIFER L Thomas Huang % . m & AR F 2%+ David Zhang # % .
B IR T+ Xuelong Li ##K . REHF 22+ D. Needell BT FF 4 ENIF %
Wz K EA EE RN W XE T H T

o HEEHETRF B I EANE K. AR K ¥ EHE R Basri %3,

ACM % & IEEE 2+ 478 B & & 47 A5 VF 34X R. Vidal R F A4 & H#Y CVPR
2014 12 /5 % 7 & % & H % 1EEE TPAMI #9 & £ 1% % 1A 4 814 & 4 CVPR 2014
B TAER CVPR &AM FH B X 2 —, #H#ER AT E IEEE TPAMI, £ T HEWHE
R EERA KKk, (JEX: From the accepted papers, area chairs
recommended a subset that were especially appreciated by the

reviewers for their technical contributions, and for their expected
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impacts to the field. We, program chairs from that conference, invited
authors of those papers to submit a longer manuscript to this special
section. The submitted papers underwent a second review process to
guarantee that all papers include in this special section be
rigorously peer-reviewed. WWIfF— % 6 T1); W4, BFZE RS2 EFHANHK
M TAESAT T & ERIRN, WA RN T E R T — K ERAEF T H AL
WHEFEREEEW, (JEX: The sixth paper “Dictionary learning for
sparse coding: Algorithms and analysis” by Chenglong Bao, Hui Ji,
Yuhui Quan and Zuowei Shen, presents an approach to sparse dictionary
learning that is guaranteed strong convergence in short running
times. Specifically, the authors combine a multi-block hybrid
proximal alternating iteration scheme with the acceleration technique
of K-SVD, yielding this much sought out solution. These results are
important in a variety of computer vision and image processing
problems, e.g., object recognition and image restoration. Mt —% 6

)

XEMFRIRE. xETERRL. mHXEE. IO —/ & A Stanley
Osher & EH 4 F # XL E (Geometric Mode Decomposition) FE|H T A
IR, FMAMBET —MFNFEF I 7%k, (AX: A new dictionary
learning method, called data driven tight frame (DDTF), was recently
proposed for image denoising [6, 2 HiHEA®B]. ME—FTHEE 9 T)
FEHIERKRE. PEMFRER L. ¥ E IER 45+ Thomas Huang %
REHAEZF LE (On the suboptimality of Proximal Gradient Descent for
LO Sparse Approximation) 5| HFATHy T/, AN RATEY A AL TET
L1 A, R L MA EBETAABRAERRI. (R Albeit the
nonconvexity of (1), sparse coding methods such as (Mancera and
Portilla 2006; Bao et al., 2014 #i& Ai#tX) that directly optimize
virtually the same objective as (1) demonstrate compelling
performance compared to its 11 norm counterpart in various

applications domains such as data mining, applied machine learning

and computer vision. ffF—% 10 W £% 12 M) % Thomas Huang #H & # 7




— B &2 X% (Learning with LO-graph:L0 induced subspace clustering)
FRERMNOFTEER T AN EEH % . (JEX: Inspired by recent
advances in solving non—convex optimization problems by proximal
linearize method [3] and the application of this method to 10—norm
based dictionary learning [2 ® 3% A # X ], we propose an
iterative «=+-- MHE—% 13 WES 16 )

mEARFRIKEE, WMEAIRZKK L. IEEE £ % 4+ David Zhang # A
BONFFFelc £, ACM 2+, IEEE &+ Xuelong Li #HIEEAEAEHNERX
& (A survey of sparse representation: algorithms and applications)
B LRI R e ETFMN KN ITIE, (EX—: Bao et al. proposed a
dictionary learning by proximal algorithm (DLPM)[117 = iF A T/E],
which provided an efficient alternating proximal algorithm for
solving the 10—norm minimization based dictionary learning problem
and demonstrated its global convergence property. ffF—% 17 W £ % 21
W) (EX=: Bao et al. [178 i A L{E] proposed a fast orthogonal
dictionary learning algorithm, in which a sparse image representation
based orthogonal dictionary was learned in image restoration. P —
FUTREZR 21 R)

(EHF¥44+. UCLA K% D. Needell ##F % X #E (Analysis of Fast
Structured Dictionary Learning) #5|FEATHHA G XE, A AR I
EBUFRFINERGEFIHETERAET BFHER . (R X Some of these
works demonstrate promising results in applications for efficient
synthesis dictionary [8 ®iF A X,9 #iF AL, 46] or transform [10
B iF A 5C,31] learning algorithms and prove convergence of the

learning methods to the critical points (or generalized stationary
points [34]) of the underlying costs. MtF—% 22 WE % 24 )

IEEE & 4. IEEE Signal Processing Magazine ®] =% . = E WAL AFHEH
# A. Katsaggelos % AfE X E (Bayesian K-SVD Using Fast Variational
Inference) ¥ 35 HRATH 7 & EF RS ERIERFEIL T AmE T K-SVD 77 %o
(JE>C: Additionally, C. Bao et al. [49 ®i&F A T1E] present a multi—

block alternating proximal method with proven global convergence
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which is faster than K-SVD with similar performance. [f{#—% 25 T &
% 27 F1)

FABEZ: FHTEEMZE LN EAMHER T B L Anderson 1B & )| 5 H & )
fn 3R ] 46 )1 S Fu 22

> RIFREBERX

WA UREWENESHRREF T FH— MO, SHEEM. Fik B
FNEHERRFT AT BRI ERER L R E T HERBRELXRFETETENA
AR, FrR ZAEHHE A 2006 F AR DLR T W% £ 48, 2015 4, B X 4% £ Hinton #
BRmREENMAEREMENE T, REEZRT —PME L A F £ NLEWN
WHRELOREL, BA/NDWEHTNEE 7, mE L@, B, #REXBOERA
AAETN FAER Fo ) ZR & W B ) KA T 2 —, ET AN A g AEEALHE
TBA S W BEE, iTmiRfEkSL, WESHAERMESR, WA YELE
Wi—F P4 R R R BN A H R R IREA B EREF I PHEAFE A
18] AL o

HIEAMHAREMEN L L EEEM, ENEFREFINT 2 EE, EHAEHK
FEINTFAREMRE—ELRBENENT, REBEXHENREWZWEER ., TiRY
WEAEEALE TR ERMNE, TR T EHamREETEIT-FENEF T
A, AATUERENBREBENXERANEZEE, I5HETNER, BRFAZHEE
. ERETRWELT, BAEEN TR EERERS 35 ETEEHEW
BT, ZEAEEGREZHES RESH L LUK B EAEA 1% 5%, #—FH, &
EARET T LIS AE LB AL Anderson B A F R EEHTHHR, EHTH
EAERKE—ARBEALE A F R RS R R AR ERE . BH A EE T &R ZE
MefmEGRA, BREEARBEENEFI TS LEIABE, ERERBFELZWERLT
PR AL T P Sk PR > T 3% LA Loyl 2Rt ] .

> FARAPW

WX REAIEAT FAEK 499 K, AP ERRBARERTIAKREKN 447 K. #
TR SIAM 2+ Y. Saad ##% . M A F T+ S. Maybank #3% . # A A T M Felz £
D. Tao X FE W/ EFLFHEWTI A EEE TN, W XHa7l AEFAET:

o FEZASHFKKL. SIAM 4. GMRES H ik X B A Y. Saad R EA1E#H 7

X E (GDA-AM: On the effectiveness of solving minimax optimization

via Anderson Acceleration) % K5|F RATH TIE, HETRATHIEHEE,
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fi# 2T Anderson B it AR AR /N [E]RR B9 4 S [E] AL (JR X —: The recent
work Wei et al. (2021b) ®iF A X proves the convergence of the
stochastic gradient descent with Anderson Mixing for min
optimization. The convergence of GDA-AM for minimax optimization
builds on top of it with several modifications. WHE_®% 1 W E % 4 7 )
(JEX—: Now applying lemmas in Wei et al. (2021b) =i AL, we
can derive the convergence of our method for general convex—
nonconcave function similarly. WHEH_—_F 1 TZEZEF 4 T) (EX=: we
can also apply the very similar arguments to prove key results in
lemma 1, lemma 2 in Wei et al. (2021b) HiEA®BX. MHE_F 1 RES
4 71)
BNFF it £, 2 X% ¥ 44+, IEEE £+ S. Maybank #3% 7 ¥ A F| T A
¥Rt +. RMBFIR/ 3R+ . ACM 2+ Dacheng Tao # % F AAE T HE AN
W TR T TICV B4 8 5CE (Knowledge Distillation: A Survey) ¥ iEE
A HER A REMEI FEFR=EAZTERAZ— (X the learning

schemes of knowledge distillation can be directly divided into three

=

N

main categories: offline distillation, online distillation and self-
distillation, as shown in Fig. 8. fffr =% 5 WEF 8 T1); % 3.3 T
BAME A R A TERATT B, HAEEMRANET RIWITE. X
Section 3.3 In self-distillation, the same networks are used for the
teacher and the student models (Zhang et al. 2019b ®iF A T1E; Hou
et al. 2019; Zhang and Sabuncu 2020; Yang et al. 2019b; Lee et al.
2019a; Phuong and Lampert 2019b; Lan et al. 2018; Xu and Liu 2019;
Mobahi et al. 2020). This can be regarded as a special case of online
distillation. Specifically, Zhang et al. (2019b) H= i A T {E proposed
a new self-distillation method, in which knowledge from the deeper
sections of the network is distilled into its shallow sections. [
“HESWEF 8T

BAMNTRFIRIE L. RN FIRI L. IEEE it EALC £ A V.
Zomaya HIZ A8 WM F 5 I £ & . TEEE & & S. Dusdar ##% % A £ 47 1 X #E(Edge
Intelligence: The Confluence of Edge Computing and Artificial




Intelligence) #F 5 H &A1& KT NeurIPS 2020 #y T “R W T tnik fu %
A FREBWAEL”, (JEX: The work in [75 #iF AT /] proposes a
framework to accelerate and compress model training and inference.
It partitions DNNs into multiple sections according to their depth
and constructs classifiers wupon the intermediate features of

different sections. Besides, the accuracy of classifiers is enhanced
by knowledge distillation. M{F—%# 9 W E % 11 T)

¢ FEAYEFIEF2oL., EMNAFF I 5K A4 HIK Junzhou Huang £
HAZFCE (On self-distilling graph neural network) & [TEEH T K
KEERMETE, HEHENENTEREEF—NMEEXMBHE., (JEX: For
addressing the issues of teacher—student framework, a new area
termed teacher—free distillation, or self-distillation, attracts a
surge of attention recently. -+ BYOT [2019 =iF A T{E] proposed the
first self-distillation method. -+ Mi# —% 12 WE% 14 7)

FABRR=: RUETRRIREZBHE L, BRTHOREFRRBIRE R, 2R
TRFEBUEN LN BERRETE, H# P BB T A EEFEHEAE TR E T4
> RIFRAHEREX
ZRBERENRFEGIREARNTH, REREFXENETCERAENKRIE
B, REREANERAFERANRE, "EPWEHGHWRE, I EILNEBNERE
AR it m 2 HBEAE I — MR AR, b —ERAEHREEM. K
TR ER A, HiE ARIFTHRAR B T B iR 2 E A 7 vk, ARG A B AR IR BR AT
BEBET LR, A#—FRHTREREZBEHE.
a. MARGEZFFAANNAELE L HTRE T &, EEWEFMETOH TR
ZHIMH . MEEWEA#BARFEEENEF 42+ M Raymer #I% 1994
S PRL LR, TUAREMH AT ANHEERE. 2012 F, XERFF
bt LA A% J. Fleischer # 3% 7£ Nature Photonics F#— #5357
4 AT B FEAAA RN E AN AR B2, EANARE T ELET
BREGEFNTE, BURAEHENENER, FiE EA T ANEGREE
RE Wk AN IRE, BT “ER—"WERER, BETHERERE
FRRARE B, MBRT EMEERNEE, FERTEEZWNERFEHATT

St
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MR, AERKBE T, FIFARE T 8% MR BIT 2B EH %, Bl
REHREAMETILKE, ABERE T HAHUEE.

b. BEAREATENARE PN ER A, EAMEE, WEASNMETAEF &
WIRL o T AR BT L1-Tracker (f#F: L1T) k2 —MZ K87 ix,
E—HERFETHEANER, 7—7WE, LIT PEEARE TN, RELZEER
R FEEA KB, EUTRAM Y FEESNEL. FiEANBFMER
AERBEHAEE A, MNEFHRT FHTINGEE R IE N A0 4E 571 291 DL 2
EmEmifmnir 28, FARmEGT R B ERRBMAE RS LI TKE
AL, FE|T APG-L1 77 ik, EF LLAE|ED 30 W,

c. AEBEREMENMFNEER R, 20 £ 55, ENRMFLKBHE. AKE
FERUAIBOITQFZ —BEEE - 5 ERIEIN, BIEX T 40kDa (T /K
W) By, W DRI AT AL 12000 ML F R BUR R B8 T 3 RN .
ELRHER T, ARETEMEENELTAZN LR TE TER
BIR. K REFIRKHE e g e F A2 EXR S RAFLE L H
ERFHELFABENERRIR, FFANARERNRGEERD 2, ®RET
FURL B2 1P i 93742 2 CryoSieve, iEFA T 3 B LR B 48 & 7 L IT 6 Tl 09
W IR

> FA®PH

FRFRERFAET S ZEGI A, AP RREREAKFEATIN 1218 %, % 2| IEEE

“qat. XEXFFaoITLMENIZLFEFNTIE TN, A ALREGRAETT
By 3\ ¥ 2023 47 J§ Nature Communications %% KM By #¥E %X TOP 25 ##,
RERERRITEHLHAYESEE MW SBGrid Consortium, BFFRRE “B ke
SO FRAFHAERERAT” AHA (FERERY LRME, ARRENLTEEN
HEHB. HER. FERER. FEAEFEFEFRE (FHE=ZF 1 TEZF 8 T,
WX 5| A EF T
¢ RERTJIOSA AWTHETHENRFREMRKENERBEREXE (LT

. 6.09% = 16/263); (NZEF{FJE L : Editor” s Picks serve to highlight

articles with excellent scientific quality and are representation of

the work taking place in a specific field. =% 9 W E % 10 T );

¢ FEAXFFL4L. XEANEFIRF 24+, FAEFAFFESRAS

%% G.Popescu, XEA¥¥ 24+ V. Park HEM R EPFL REHE C.
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Depeursinger £ Nature Photonics EA&F X kM4 X E (Quantitative
Phase Imaging in Biomedicine) F|H 7 #A1SIIMS 2019 B9 T4, 4 & AT
BT “fEAMERFMESLH T ENAEEE™RIEH". (JFX: The
diffraction algorithm inversely solved light diffraction, based on
the first Born (equation (11)) or Rytov approximation, assuming weak
scattering. A rigorous proof of a regularized inverse algorithm for
coherence retrieval was presented in ref. 62 HiFATLE. MHE=%F 11
MEF 13 7);

BRREGEE., AFTHERMBLAA. 7T A¥ A H#IX David R. Smith B &
& 2020 F£ A& KX FHBINEE T Optica F#9xFE (Passive Microwave
Spectral Imaging with Dynamic Metasurface apertures) A X #1689 T1E
“ERZRPERRN T LR T RTAMEXBEWBHRAET. (EX: To
this end, one may exploit physically informed priors on the coherence
function solution [15,63 ®i&§ AL fE] to obtain an accurate estimate

of the full coherence function and complete characterization of a

partially coherent system [64,65]. M=% 14 TE % 16 T );
IEEE 4 & 4+, ACM 2+ R. Chellappa ##% K £ A& 1E# £ X & (Joint Sparse

Representation and Roust Feature-Level Fusion for Multi—Cue Visual
Tracking) F 38 i & A18 77 % B RIFWREEFEZ — (JEX: We compare the
proposed tracking algorithms, RJSRFFT and K-RJSRFFT with state—of-
the—art tracking methods including multi—cue tracker: online boosting
(0AB) [7], online multiple instance learning MIL) [8], semi-

supervised online boosting (SemiB) [12], sparse representation—based
tracker: 11 tracker (L1APG) [55 ®iF A TfE] - MHF =% 20 2% 22 1)
AR A EF R EE Hengel HImEHE A ZF W (A Survey of
Appearance Models in Visual Object Tracking) % XL E FIEM K AT L
B E 7 e WERER R (EX: Bao et al. [2012] ®#iF A XX take
advantage of the popular accelerated proximal gradient (APG) approach
to optimize the ll-regularized least square minimization problem,

which has a quadratic convergence property to ensure the real-time

tracking performance. [fffF =% 23 £% 25 )
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KERMLE (R8BI 5 R

. Jianying Zhu, Qi Zhang, Hui Zhang, Zuogiang Shi (%), Mingxu Hu(*),
Chenglong Bao(*), A Minority of Final Stacks Yields Superior Amplitude
in Single-Particle cryo—EM. Nature Communications, 2023; 14:7822.

. Yuhao Zhou, Chenglong Bao(*), Chao Ding, Jun Zhu. A Semismooth Newton
based Augmented Lagrangian Method for Nonsmooth Optimization on Matrix

Manifolds. Mathematical Programming, 2022; 201:1-61.

. Chenglong Bao(*), Chang Chen, Kai Jiang, Lingyun Qiu. Convergence
Analysis for Bregman Iterations in Minimizing a Class of Landau Free
Energy Functionals. SIAM Journal on Numerical Analysis. 2024; 62(1):
476-499.

. Kai Jiang, Wei Si, Chang Chen, Chenglong Bao(*). Efficient Numerical
Methods for Computing the Stationary States of Phase Field Crystal
Models. SIAM Journal on Scientific Computing, 2020; 42(6): B1350 - B1377

. Chenglong Bao, Hui Ji, Yuhui Quan, Zuowei Shen. Dictionary learning for
sparse coding: algorithms and convergence analysis. IEEFE Transactions
on Pattern Analysis and Machine Intelligence, 2016; 38(7): 1356 - 1369

Hfhig® (FHBF 108D

. Dihan Zheng, Xiaowen Zhang, Kaisheng Ma, Chenglong Bao (*). Learn from
Unpaired Data for Image Restoration: A Variational Bayes Approach. IEEE
Transactions on Pattern Analysis and Machine Intelligence, 2022;45(5):
5889-5903.

. Jiebo Song, Jia Li, Zhengan Yao, Kaisheng Ma, Chenglong Bao (*). Zero
Norm based Analysis Model for Image Smoothing and Reconstruction. Inverse
Problems, 2020; 36(11).
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. Chenglong Bao, Lingyun Qiu, Ronggian Wang. Robust Full Waveform Inversion:
A Source Wavelet Manipulation Perspective. SIAM Journal on Scientific
Computing. 2023; 45(6), B753-B775.

. Chenglong Bao, Jae Kyu Choi, Bin Dong. Whole Brain Susceptibility Mapping
using Harmonic Incompatibility Removal. SIAM Journal on Imaging Science,
2019; 12(1):492-520.

. Chenglong Bao, George Barbastathis, Hui Ji, Zuowei Shen,Zhengyun Zhang.
Coherence retrieval using trace regularization. SIAM Journal on Imaging

Sciences, 2018; 11(1), 679 - 706.

. Tangjun Wang, Zehao Dou, Chenglong Bao (%), Zuogiang Shi (*). Diffusion
Mechanism in Neural Network: Theory and Applications. IEEE Transactions
on Pattern Analysis and Machine Intelligence. 2024; 46(2), 667-680.

. Linfeng Zhang, Chenglong Bao (%), Kaisheng Ma (%). Self-Distillation:
Towards Efficient and Compact Neural Networks. JIEEE Transactions on
Pattern Analysis and Machine Intelligence, 2022; 44(8), 4388-4403.

. Chenglong Bao, Hui Ji, Zuowei Shen. Convergence analysis for iterative
data-driven tight frame construction scheme. Applied and Computational
Harmonic Analysis, 2015; 38 (3), 510 -523

. Fuchao Wei, Chenglong Bao (*), Yang Liu. Stochastic Anderson mixing for
nonconvex stochastic optimization. Advances in Neural Information

Processing Systems (NeurIPS), 2021; 34: 22995-23008.

10. Fuchao Wei, Chenglong Bao (*), Yang Liu. A class of short—term recurrence

Anderson mixing methods and their applications. JInternational Conference

on Learning Representations (ICLR), 2022.
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BXREHERR (—):

. e |EEAER
# B EE swek | L]

TR | PEBZFBRAS

@il | bR ERE 19 SH HPEGRAS | 100049

o4t R

5% |tdguo@ucas.ac.cn EXZEEEIA

CUSAIRES | HEHIR

IEXSERIR AR, ST XUESH T |, BR 500 =FLAA.

IR AEEGOEBEEMEASEBIE 7 —R5REIMERSR I 7
RIBAVEIFEED. MERRTFRSTS. SHEEEE. REZIFAIGHE
T T REERNBARRE T STEEAME L | 8

¢ SHFEZEIEBELIRTTEEWSHERIERARIMER IR H T H#HY
BEKSMERIERBRE PRI BMUEL RIFER T IX—a).

¢ REHARTEGEEFRISHEEEES L F RN AT IR FRER.
o R EERFERIR RS T GREE BEEENANE.
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